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Polynomial Regression
-

rower Input C X. g) X f 1/2
"

y
EIR

"

I ↳
+ ER

'

Kp)

§= My ( x ) = do t A X t a
,

x 't
. .  - tap XP

P

= & agxd
'

j= to

"

Eek
" " " "

E.

. fi'sI
Z

. a = ( I;
'

q, g

' " "
'

"  - ×
.

"



Cross - Validation
-

-

( specific for Lin Reg )fi. residuals : error Is ri
";?:÷÷;Splitt

( Xtra
,

strain ) & ( Aest
,

yfest )
I

. Build model aonfxtraiu.ytr.in#
Z . Evaluate A on Cxtest

,
y test )

ga
•

choose model approx of new data

nods#
←

. predict variance not yet seen
.



ri ::S
:i÷÷÷

. "

f ru

gi -

- yi + r
.

. ↳#g
-

×
IR

d

Var C Ma ) = Effsi -MalfiDJ
EC y i I xi

, If



Eigenvectors
define went .

matrix MEIR
" "

( in this course )

start w ,
data matrix A c- Rmd

M = AAT

ensures M

ispositiude.f.sn?
ensures for any XEIR

"

X M x
"

? 0



square , psd matrix M c- IR
" "

↳ all real
,

non
- negative

eigenvalues

iA
,

correspond w/ Vi u EIR
" d EIR

in direction of eigenvalue
most variance in A eigenvector

n orthogonal & distinct
eigenvectors

' u

u
.

eigenvectors v.
,

be satrsfg LV
, ,Vz7=o


